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1. Water Management in South Florida 2. Current GCM Projections =

0 South Florida is particularly vulnerable to changes in precipitation
due to its unique hydrologic characteristics, high population density,
and diverse water resource stakeholders. The native hydrology of
southern Florida has been greatly altered through drainage,
canalization, urbanization, and agriculture to such an extent that the
Everglades are now one of the most threatened ecosystems in the
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